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THE LEADING

Business analytics projects are often characterized by uncertain or QUESTION
changing requirements — and a high implementation risk. So it g' )?gé Sgnce q
takes a special breed of project manager to execute and deliver them. B8 | <iess ana-
BY STIUNVIAENE AND ANNABEL VAN DEN BUNDER |yt|CS prOJeCt
Mmanagers
approach their
projects?
MANAGERS HAVE USED business analytics to inform their decision making for years. Nu- FINDINGS
. . . .. . . »They start with the
merous studies have pointed to its growing importance, not only in analyzing past performance assumption that the
but also in identifying opportunities to improve future performance.! As business environments igigﬁggg‘:::itl:‘ga"e
become more complex and competitive, managers need to be able to detect or, even better, predict project progresses.
trends and respond to them early.? Companies are giving business analytics increasingly high pri- »They enable a pro-
. .. . . . . . cess of engaging
ority in hopes of gaining an edge on their competitors. Few companies would yet qualify as being stakeholders,

. . « : explaining and
what management innovation and strategy expert Thomas H. Davenport has dubbed “analytic n,’g’n;gi'ng
competitors,” but more and more businesses are moving in that direction.’ expectations.

Against this backdrop, we set out to examine what characterizes the most experienced project man- »They rely on

intelligent
experimentation.

agers involved in business analytics projects. Which best practices do they employ, and how would they
advise their less experienced peers? Our goal was to
fill in gaps in management’s understanding of how
project managers involved in analytics projects can
contribute to the new intelligent enterprise. (See
“About the Research,” p. 67.) We found that project
managers’ most important qualities can be sorted
into five areas: (1) having a delivery orientation and a
bias toward execution, (2) seeing value in use and
value of learning, (3) working to gain commitment,
(4) relying on intelligent experimentation and (5)
promoting smart use of information technology.

1. Having a Delivery Orientation and a Bias To-
ward Execution As a starting point, it’s important
to understand what makes experienced business
analytics project managers tick. The vast majority
of our interviewees do not consider themselves dif-
ferent from other project managers. Like other
focused project managers, they want to deliver
their projects on time and on budget, and they have
a strong delivery orientation.
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But unlike many traditional project managers, they
do not have a plan bias. Instead, they have a strong bias
toward execution. (See “Learning From Experience,”
p. 68.) Although our interviewees don’t question the
importance of initial planning, their focus is on project
execution and delivery as opposed to adherence to the
plan. In fact, they start with the assumption that the
initial plan will have to change as the project progresses.
This is what we mean by “a bias toward execution.”

Why do analytics project managers have this ex-
ecution bias? Many say it is because of the inherent
complexity of the projects themselves, and they cite
three reasons. First, analytics projects are typically
characterized by uncertain or changing require-
ments. Project sponsors and users will often have a
vision of what they seek to accomplish with analyt-
ics — for example, to improve direct marketing
response, reduce inventory or increase service qual-
ity and customer satisfaction while controlling
costs. But how they will achieve those goals is often
unclear and involves further exploration.

Second, the technology or models for meeting
the uncertain requirements are often not known;
they may be new to the team, or they may not even
exist. This adds to the exploratory nature of analyt-
ics projects. Third, users of business analytics
applications expect responsiveness, so the applica-
tions, by nature, should be highly responsive to user
interaction. The challenge, then, is to find a balance
between responsiveness and robustness.

Traditional project management methods tend
to focus primarily on planning or a priori risk man-
agement (as opposed to managing and mitigating
risk during execution). However, the uncertainty
associated with analytics projects calls for a differ-
ent approach.? A growing body of literature on
project management emphasizes the importance of
adapting management and processes to the project
characteristics. So while there may be a set of gen-
eral-purpose tools for managing projects, different
projects call for different managerial approaches.
On the one hand, production-oriented and specifica-
tions-based approaches emphasize detailed early
planning and requirements specification with min-
imal ongoing change and exploration. On the other,
experimentation-based approaches emphasize less-
specificearly planning, good-enough requirements,
and experimental and evolutionary design with
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significant ongoing learning and change.® The lat-
ter, more adaptive approach, interviewees say, is
better suited to analytics projects.

2. Seeing Value in Use and Value of Learning
There is increasing awareness in the project man-
agement community that sticking to the original
plan does not necessarily provide value. Instead,
value comes from a focus on execution and deliv-
ery. Experienced analytics project managers say
they approach return on investment as a process
rather than as a control metric. By focusing on exe-
cution, they seek to add value throughout the
project’s life cycle, not just at the end of the project.

Our interviewees are guided by the concept of
“value in use,” which measures value in terms of how
a given asset provides benefits to a specific owner
under a specific use.® The idea is that the assets them-
selves have no inherent value; they generate value
only when they offer specific benefits to their owners
or users (for example, by allowing them to do their
work differently). Consequently, only when an ana-
lytical model or application is actually used can its
real benefits (and costs) be identified.

We found that project managers involved in ana-
lytics projects usually want to assess the value of the
project quickly and accurately. Interviewees ex-
plained how they try to capture value both early in a
project and throughout (for example, by using itera-
tive feature-based delivery or rapid prototyping).
Indeed, capturing value early and often can signifi-
cantly improve a project’s ROL. For the assessment of
value to be accurate, it needs to be carried out with a
certain degree of rigor — which, as we have noted
and will discuss later, is what our interviewees do.

Many project managers have learned through
experience that they can’t expect to be right the first
time. A bias toward execution is essential, intervie-
wees report, because it is better to attempt to
execute good ideas quickly than to attempt to im-
pose the “perfect” plan. This implies that the focus
is not on explaining discrepancies between the plan
and actual results but on learning something new
in the course of implementation that might justify
altering the plan. Similarly, the iterative, incremen-
tal delivery described by interviewees assumes that
each iteration provides learning inputs.

As a result, project benefits can be expressed in
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terms of “value in use” and “value of learning” that
accrue during the project. Many analytics project
managers have adopted project management ap-
proaches that tie in with the project management
methods that are being developed to support highly
complex projects. Adaptive methods assume there is
a need to gather information and learn as you go
along. These methods typically emphasize rapid de-
livery of prototypes and require that those involved
be allowed to experiment during the project.”

The success of an analytics project is a function of
the user’s acceptance of the model or the application.
Our data make a convincing case for the value of
continuous exposure to user feedback. As a project
manager at a European financial services group ex-
plained, “Ideally, analysts and users are physically in
the same room, or in close proximity.” The design
environment and the operating environment should
be closely linked, with the analytics project managers
facilitating continuous interaction between them.

3. Working to Gain Commitment Experienced
project managers are unequivocal about the impor-
tance of engaging business users and other
stakeholders as much as possible, as opposed to merely
informing them after the fact. As an enterprise-busi-
ness-intelligence architect at an international
transport solutions provider put it: “We don’t want to
develop a model just like that. If the business processes
aren’taligned with the model, or if the business doesn’t
understand the definitions used in the model, then it
simply won’t be used.”

The importance of explaining or clarifying the
thinking behind a decision — or, in this case, the
analytical model or application — cannot be overes-
timated. Indeed, interviewees say that one of the
major risks of analytics projects is that the decision
makers won’t be savvy enough to understand the
analysis or the model’s underlying assumptions, and
they will try to apply it where it isn’t applicable.
Explanation is also crucial in gaining trust, as one
project manager at a financial institution notes: “Gut
feeling and intuition still take precedence over ana-
lytics. No matter how transparent analytical models
are, they are inevitably statistically complex. That’s
why users find it difficult to put their faith in quanti-
tative data and methods.” And this is why analytics
project managers should be pedagogical experts and
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This paper assesses issues that were top of mind for experienced project manag-
ers involved in business analytics projects, which best practices they used and
what advice they had for less experienced peers. \We set out to find common
denominators and to describe trends relevant to experienced project managers.

We use the term “project management” broadly to refer to a disciplined
way of improving a result, product or service, subject to constraints of time and
cost. The idea was to highlight the discipline labeled “best practice” by experi-
enced project managers. For “business analytics” we rely on the definition of
Thomas H. Davenport and Jeanne G. Harris in “Competing on Analytics: The
New Science of Winning” (Harvard Business Press, 2007). They define it as the
extensive use of data, statistical and quantitative analysis, explanatory and pre-
dictive models and fact-based management to drive decisions and actions.

The findings presented here are based on data gathered in 32 in-depth inter
views during 2010 and 2011, conducted in person and lasting one to two hours.
The interviews were conducted on the basis of a semistructured questionnaire
with open-ended questions. Additional information was obtained by probing
the initial responses. All interviews were taped with permission of the inter
viewees and fully transcribed for further qualitative analysis.

We restricted our sample of interviewees to experienced project managers
who had (1) a minimum work experience of 10 years and (2) at least five years
of experience in managing analytics projects. We recruited interviewees
through the method of snowball sampling: An initial set of eligible project man-
agers referred us to other project managers whom they considered highly
competent. The average work experience of our sample was 16.6 years (me-
dian = 15, min. = 5, max. = 35), with an average experience of 11.1 years on
analytics projects (median = 10, min. = 1.5, max. = 20).

Among the interviewees were both internal and consulting project manag-
ers. They were active in a wide range of sectors, including financial services,
insurance, manufacturing, transportation, leisure, retail, media, telecommunica-
tions and government. One in three project managers interviewed had been, or
was still, active as a business analyst.

Beyond the interviews, the paper draws on the findings of six years of dedi-
cated research in the field of business intelligence, undertaken by the Business
Intelligence Research Centre at Vlerick Leuven Gent Management School,
sponsored since 2008 by SAS Institute and Engio. The complete report is titled
“Business Analytics Project Managers: What Defines Them?”

help open up the black box of analytic models.
Ultimately, our interviewees agree that expecta-
tion management should not be overlooked. Setting
the right expectations at the beginning (for exam-
ple, regarding the quality of the data and the
applicability of the models) and managing them as
the project progresses increases both acceptance
and the chances that the project will be successful.
The process described above bears a strong
resemblance to what W. Chan Kim and Renée
Mauborgne, recognized thought-leaders and au-
thorities on business strategy, innovation and
wealth creation, have described as “fair process.”®
Process fairness has proven its worth in diverse
management contexts as a way to gain stakeholder
commitment to decisions and change.
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LEARNING FROM
EXPERIENCE

Certain practices can con-
tribute to success. Starting
project managers may
want to take the following
recommendations to heart.

Plan, but plan for change.
Start with the premise that
the initial plan will have to
change as the project pro-
gresses, and focus on
project execution and the
delivery of value, rather than
on adhering to the plan.

Adapt project execution to
the nature of the project.
[terative development en-
courages and enables a
culture of learning and will
help to optimize value in use.

Gain commitment. En-
gage stakeholders as early
as possible and throughout
the project, set the right
expectations from the start
and manage them through-
out. Avoid implementing
“black boxes "

Experiment whenever
possible. Experimentation is
fundamental to the learning
process. When experiment-
ing, adopt a pragmatic
approach —thatis, apply
sufficient scientific rigor to
each step without losing
focus on practical relevance,
usability and usefulness.

Work with the situation,
not against it. Remember
that in most organizations,
business analytics is still
relatively new. Instead of
forcing an approach and cut-
ting out the learning curve,
try coaching the stakehold-
ers into cultural change.

Work in partnerships.
Business analytics projects
are business projects, but
look for ways to involve IT.
Projects conducted as part-
nerships yield better results.

4. Relying on Intelligent Experimentation A key
element that emerges from the interview data is the
importance of experimentation. Many of the analyt-
ics project managers we spoke to consider
experimentation fundamental to the learning process.
This is consistent with leading research by Harvard
University professor and innovation management
authority Stefan H. Thomke, who defines experimen-
tation as a fundamental innovation-process activity,
consisting of iterative trial and error and directed by
insight.” The execution of an experiment, then, fol-
lows a four-step cycle: design, build, run and analyze.
The quality of the experimentation process has a
strong bearing on the extent to which the project
succeeds. Interviewees tend to be strong advocates of
“good experimentation,” which is consistent with
the scientific method. Well-designed experiments
need clear goals and objectives, which is why the first
steps of the scientific method devote significant time
and effort to observation, to specifying the questions
the experiment is intended to answer and to back-
ground research. Project managers need to invest
time upfront examining the analytics project and
setting the objectives. Good experiments need mea-
surable hypotheses about the expected outcomes
and controlled testing of these hypotheses. Inter-
viewees reported spending significant amounts of
time setting up the experiments and analyzing the
results. What they learn forms the basis for improve-
ments and for the next batch of experiments.
However, most interviewees recognize that a
laboratory-style scientific approach is neither
appropriate nor practical. They take a more prag-
matic'® approach to experimentation. Still, their
process has enough rigor to allow a sufficiently
accurate assessment of a project’s benefits. Inter-
viewees acknowledge that business analytics is still
arelatively new area and that some companies are
still learning to incorporate analytics into their
business. As a business analytics coordinator at an
international food retailer put it: “Our policy is
clear: Not using a control group is no option. But
the reality is sometimes different. Many of our
people are still trying to get to grips with analytics.
Conlflicts won’t help our case.” Successful, experi-
enced project managers will try to advance the
learning curve and coach the stakeholders into

cultural change.
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5. Promoting Smart Use of Information Tech-
nology So far, information technology has been
conspicuously absent from this discussion. Yet intelli-
gent use of IT can allow for frequent and faster
iterations between the design and operating environ-
ments, and this can improve experimentation
efficiency. MIT professor and global IT expert Erik
Brynjolfsson, who coined the phrase “IT productivity
paradox,’!! has noted that leading companies leverage
IT to revolutionize the way in which they innovate by
playing on four dimensions simultaneously: measure-
ment, experimentation, sharing and replication.!? The
big advantage of I'T-based experimentation, he argues,
is that it can trace causality in a way that would be im-
possible with pure measurement and observation.

IT capabilities are key to helping companies to
explore as well as exploit their full potential in tur-
bulent markets. But while business has embraced
IT capabilities, it is often far less positive about the
IT department. Many of the analytics project man-
agers we interviewed identify with the business side
of their organizations even if they report to the IT
department. They often trace their frustration with
IT to negative experiences. As one explained:
“Whenever IT is involved, business analytics proj-
ects cost more and take more time than planned.
They are hideously inflexible. It’s virtually impossi-
ble to go ahead with anything at short notice. And
not only that, they just speak another language.
They really lack the sense of urgency and pragma-
tism you find on the business side.”

IT departments that ignore complaints from the
business side risk being circumvented. In fact, some
of the analytics teams we encountered built valu-
able models and applications independently from
the IT department. Still, bypassing the IT depart-
ment altogether can be counterproductive,
especially when the focus is on delivering enterprise
value rather than locally optimized solutions and
functional value. Certainly with enterprise value,
the most appropriate modus operandi would be to
approach analytics projects as partnerships be-
tween the business side and IT."

Research suggests that best-in-class CIOs have re-
alized that I'T and business need to find better ways to
work together.!* By proposing pragmatic solutions
and pointing out the consequences of infrastructural

decisions, CIOs can become constructive partners,
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enabling their businesses to make smarter choices.
This means that I'T should, where possible, pursue op-
portunities to deliver faster implementation cycles,
maintaining just enough process and architectural
hygiene to ensure quality and professional support.

But what is just enough process and infrastruc-
ture? Enterprise infrastructure remains a long-term
investment. The big challenge is to develop a pro-
cess that provides for flexible infrastructure even as
the process itself — the way applications and infra-
structure are built and modified — remains stable.
This will require infrastructure architects with
mind-sets much like those of the analytics project
managers we interviewed. Indeed, these architects
will need to have a strong bias toward execution, so
that IT solutions and infrastructure are rooted in
the present without mortgaging the future.

Two things are certain. First, the boundaries be-
tween functional domains are blurring within
organizations, requiring cross-functional collabo-
ration. Second, it will take experience-based
negotiation, not theoretical design, to create just
enough process and infrastructure. This is a vital
area where experienced analytics project managers
can put their interpersonal skills to good use.

Stijn Viaene is a professor at Katholieke Universiteit
Leuven, in Leuven, Belgium, and the Deloitte Research
Chair of “Bringing IT to Board Level” atVlerick Leuven
Gent Management School in Belgium. AnnabelVan
den Bunder is a research associate atVlerick Leuven
Gent Management School. Comment on this article

at http:/sloanreview.mit.edu/x/53113, or contact the
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REFERENCES

1.S. LaValle, E. Lesser, R. Shockley, M.S. Hopkins and N.
Kruschwitz, “Big Data, Analytics and the Path From In-
sights to Value,” MIT Sloan Management Review 52, no.
2(2011): 21-32.

2. See, for example, G. Schreydgg and M. Kliesch-Eberl,
“How Dynamic Can Organizational Capabilities Be? To-
wards a Dual-Process Model of Capability Dynamization,”
Strategic Management Journal 28, no. 9 (2007): 913-933;
and O.A. El Sawy and PA. Pavlou, “IT-Enabled Business
Capabilities for Turbulent Environments,” MIS Quarterly
Executive 7 no. 3 (2008): 139-150.

3.T.H. Davenport and J.G. Harris, “Competing on Ana-
lytics: The New Science of Winning” (Boston: Harvard
Business Press, 2007); and T.H. Davenport, J.G. Har-
ris and R. Morison, “Analytics at Work: Smarter Deci-
sions, Better Results” (Boston: Harvard Business
Press, 2010).

SLOANREVIEW.MITEDU

4. See, for example, D. Howell, C. Windahl and R. Seidel,
"A Project Contingency Framework Based on Uncertainty
and Its Consequences,” International Journal of Project
Management 28, no. 3 (2010): 256-264; and A. Gemino,
B.H. Reich and C. Sauer, "ATemporal Model of Informa-
tion Technology Project Performance,” Journal of
Management Information Systems 24, no. 3 (2008): 9-44.

5. J. Highsmith, “Agile Project Management: Creating
Innovative Products,” 2nd ed. (Boston: Addison-Wesley
Professional, 2009).

6.The notion of “value in use” was introduced by Adam
Smithin 1776. See, for example, D. Walters, “Operations
Strategy: A Value Chain Approach” (Basingstoke, United
Kingdom: Palgrave Macmillan, 2002).

7. See, for example, Highsmith, “Agile Project Manage-
ment”; L.M. Applegate, R.D. Austinand D.L. Soule,
“Corporate Information Strategy and Management,” 8th
ed. (New York: McGraw-Hill Professional, 2008), 592-596;
and R. Austin and L. Devin, “Artful Making: What Manag-
ers Need to Know About How Artists Work"” (Upper
Saddle River, New Jersey: FT Press, 2003).

8. See, for example, W.C. Kim and R. Mauborgne, “Fair
Process: Managing in the Knowledge Economy,” Harvard
Business Review 81, no. 1 (2003): 127-136.

9. S.H.Thomke, “Managing Experimentation in the Design
of New Products,” Management Science 44, no. 6 (1998):
743-762; and S.H.Thomke, “Experimentation Matters:
Unlocking the Potential of New Technologies for Innova-
tion” (Boston: Harvard Business Press, 2003).

10. “Pragmatic” should not be confused with “unprofes-
sional.” We use the term "“pragmatic” to describe an
approach that is guided by experience and observation
rather than by dogma.

11.The “IT productivity paradox” implies that despite
massive investment and resourcing by companies and or
ganizations worldwide, when it comes to the value of IT
there seems to be little payoff. See E. Brynjolfsson, “The
Productivity Paradox of Information Technology: Review
and Assessment,” Communications of the ACM 36, no.
12 (1993): 67-77; and E. Brynjolfsson and L. Hitt, “Paradox
Lost? Firm-Level Evidence on the Returns to Information
Systems Spending,” Management Science 42, no. 4
(1996): 541-558.

12. M.S. Hopkins, “The FourWays IT Is Revolutionizing
Innovation,” MIT Sloan Management Review 51, no. 3
(2010): 51-56.

13. See, forexample, S. Viaene, “Linking Business Intelli-
gence IntoYour Business,” IT Professional 10, no. 6
(November/December 2008): 28-34; and S. Viaene, S. De
Hertogh and L. Lutin, “Shadow or Not? A Business Intelli-
genceTale at KBC Bank," Case Folio (January 2009): 19-29.

14. S.Viaene, S. De Hertogh and O. Jolyon, “Engaging in
TurbulentTimes: Direction Setting for Business and IT
Alignment,” International Journal of IT/Business Align-
ment and Governance 2, no. 1 (2011): 1-15.

Reprint 53113.
Copyright © Massachusetts Institute of Technology, 2011.
All rights reserved.

FALL 2011 MIT SLOAN MANAGEMENT REVIEW 69


www.sloanreview.mit.edu

